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1m0l <- (yl ~ x1, XYy)

(Ilm0O1)

Call:
Im(formula = yl ~ x1, data = xy)
Residuals:

Min 1Q Median 3Q Max
-4.7562 -3.8671 -0.4024 3.1005 6.1505
Coefficients:

Estimate Std. Error t value Pr(>]|t]|)

(Intercept) 13.6500 2.3851 5.723 0.000286 ***
x1 3.0724 0.8063 3.810 0.004150 **
Signif. codes: 0 '***' 0,001 '**' 0.01 '*" ©@.05 '.' 0.1 ' ' 1

Residual standard error: 4.228 on 9 degrees of freedom
Multiple R-squared: 0.6173, Adjusted R-squared: 0.5748
F-statistic: 14.52 on 1 and 9 DF, p-value: 0.00415
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1m0l <- (x1 ~ yl1, XYy)
(Ilm0O1)

Call:
Im(formula = yl ~ x1, data = xy)
Residuals:

Min 1Q Median 10) Max
-4.7562 -3.8671 -0.4024 3.1005 6.1505
Coefficients:

Estimate Std. Error t value Pr(>|t]|)

(Intercept) 13.6500 2.3851 5.723 0.000286 ***
x1 3.0724 0.8063 3.810 0.004150 **
Signif. codes: 0 '***' @,001 '**' 0.01 '*' 0.05 '."' 0.1 ' ' 1

Residual standard error: 4.228 on 9 degrees of freedom
Multiple R-squared: 0.6173, Adjusted R-squared: 0.5748
F-statistic: 14.52 on 1 and 9 DF, p-value: 0.00415




((yl - (lm01))~"2)/sum((x1- (x1))"2))

[1] 0.8062941




Call:
Im(formula = yl ~ x1, data = xy)

Residuals:

Min 10 Median 30 Max
-4.7562 -3.8671 -0.4024 3.1005 6.1505
Coefficients:

Estimate Std. Error t value Pr(>|t])

(Intercept) 13.6500 2.3851 5.723 0.000286 ***
x1 3.0724 0.8063 3.810 0.004150 **
Signif. codes: 0 '***' @.001 '**' 0.01 '*'" @.05 '.' 0.1 ' ' 1

Residual standard error: 4.228 on 9 degrees of freedom
Multiple R-squared: 0.6173, Adjusted R-squared: 0.5748
F-statistic: 14.52 on 1 and 9 DF, p-value: 0.00415




X1 y0 res y1
5 0 12 431 1631
5 1325 (049 13.74
145 843 637
1575 [0i02] 15.73
17 [38 208
18.25 (049 18.44
105 368 2318
20.75 |-0.73| 2002
2z [028] 21.71
2325 [241 25566
245 | 496 29.46

C
=
(]
©
N
©
o
o 20

(&)
©
w
o
(]
©
o

3
Adubo (Kg)




Estimativa da inclinacao

elouanbaly




media 2.46 de 1000 amostras

8
o
c

@
S
o
9]
| -

L

2 3 4
Estimativa da inclinacao




Call:
Im(formula = yl ~ x1, data = xy)

Residuals:

Min 1Q Median 10) Max
-4.7562 -3.8671 -0.4024 3.1005 6.1505
Coefficients:

Estimate Std. Error t value Pr(>|t])

(Intercept) 13.6500 2.3851 5.723 0.000286 **x*
x1 3.0724 0.8063 3.810 0.004150 **
Signif. codes: 0 '***' @.,001 '**' 0.01 '*" @.05 '.' 0.1 ' ' 1

Residual standard error: 4.228 on 9 degrees of freedom
Multiple R-squared: 0.6173, Adjusted R-squared: 0.5748
F-statistic: 14.52 on 1 and 9 DF, p-value: 0.00415
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Estimativa da inclinacao

Call:
Im(formula = yl ~ x1, data = xy)

Residuals:

Min 1Q Median 3Q Max
-4.,7562 -3.8671 -0.4024 3.1005 6.1505
Coefficients:

Estimate Std. Error t value Pr(>|t])

(Intercept) 13.6500 2.3851 5.723 0.000286
XKk
x1 3.0724 0.8063 3.810 0.004150
Xk

Signif. codes: 0 '*¥*' 0,001 '**' 0.01 '*' 0.05
e 1

Residual standard error: 4.228 on 9 degrees of
freedom

Multiple R-squared: 0.6173, Adjusted R-
squared: 0.5748

F-statistic: 14.52 on 1 and 9 DF, p-value:
0.00415
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Call:
Im(formula = yl ~ x1, data = xy)

Residuals:

Min 1Q Median 3Q Max
-4.7562 -3.8671 -0.4024 3.1005 6.1505
Coefficients:

Estimate Std. Error t value Pr(>|t])

(Intercept) 13.6500 2.3851 5.723 0.000286
X Kk
x1 3.0724 0.8063 3.810 0.004150
Xk

Signif. codes: 0 '*¥*' 0,001 '**' 0.01 '*' 0.05
e 1

Residual standard error: 4.228 on 9 degrees of
freedom

Multiple R-squared: 0.6173, Adjusted R-
squared: 0.5748

F-statistic: 14.52 on 1 and 9 DF, p-value:
0.00415




(ImO1)

Call:
Im(formula = yl ~ x1, data = xy)
Residuals:

Min 10 Median 3Q Max
-4.7562 -3.8671 -0.4024 3.1005 6.1505
Coefficients:

Estimate Std. Error t value Pr(>|t]|)

(Intercept) 13.6500 2.3851 5.723 0.000286 ***
x1 3.0724 0.8063 3.810 0.004150 **
Signif. codes: 0O '***' 0.001 '**' 0.01 '*'" ©0.05 '.' 0.1 ' ' 1

Residual standard error: 4.228 on 9 degrees of freedom
Multiple R-squared: 0.6173, Adjusted R-squared: 0.5748
F-statistic: 14.52 on 1 and 9 DF, p-value: 0.00415




(sum((yl - (lme1))"2)/( (x1)-2))

[1] 4.228242




(LlmO1)

Call:
Im(formula = yl ~ x1, data = xy)
Residuals:

Min 10 Median 3Q Max
-4.7562 -3.8671 -0.4024 3.1005 6.1505
Coefficients:

Estimate Std. Error t value Pr(>|t]|)

(Intercept) 13.6500 2.3851 5.723 0.000286 ***
x1 3.0724 0.8063 3.810 0.004150 **
Signif. codes: 0O '***' 0.001 '**' 0.01 '*'" ©0.05 '.' 0.1 ' ' 1

Residual standard error: 4.228 on 9 degrees of freedom
Multiple R-squared: 0.6173, Adjusted R-squared: 0.5748
F-statistic: 14.52 on 1 and 9 DF, p-value: 0.00415
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Call:
Im(formula = yl ~ x1, data = xy)

Residuals:

Min 10 Median 30 Max
-4.7562 -3.8671 -0.4024 3.1005 6.1505
Coefficients:

Estimate Std. Error t value Pr(>|t]|)

(Intercept) 13.6500 2.3851 5.723 0.000286 ***
x1 3.0724 0.8063 3.810 0.004150 **
Signif. codes: 0 '***' @.001 '**' 0.01 '*'" ©0.05 '.' 0.1 ' ' 1

Residual standard error: 4.228 on 9 degrees of freedom
Multiple R-squared: 0.6173, Adjusted R-squared: 0.5748
F-statistic: 14.52 on 1 and 9 DF, p-value: 0.00415
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Call:
Im(formula = yl ~ x1, data = xy)

Residuals:

Min 1Q Median 3Q Max
-4.7562 -3.8671 -0.4024 3.1005 6.1505
Coefficients:

Estimate Std. Error t value Pr(> tg)

(Intercept) 13.6500 2.3851 5.723 0.000286 ***
x1 3.0724 0.8063 3.810 0.004150 **
Signif. codes: 0 '***' 9,001 '**' 0.01 '*' 0.05 '.' 0.1 ' ' 1

Residual standard error: 4.228 on 9 degrees of freedom
Multiple R-squared: 0.6173, Adjusted R-squared: 0.5748
F-statistic: 14.52 on 1 and 9 DF, p-value: 0.00415

Call:
Im(formula = y2 ~ x2)
Residuals:

Min 1Q Median 3Q Max
-5.976 -3.778 -2.130 4.005 9.437
Coefficients:

Estimate Std. Error t value Pr(>|t])

(Intercept) 13.755 1.976 6.963 1.24e-06 ***
X2 2.177 0.676 3.221 0.0045 *x*
Signif. codes: 0 '***' 9,001 '**' 0.01 '*' 0.05 '.' 0.1 ' ' 1

Residual standard error: 4.689 on 19 degrees of freedom
Multiple R-squared: 0.3532, Adjusted R-squared: 0.3192
F-statistic: 10.38 on 1 and 19 DF, p-value: 0.004497




Call:
Im(formula = yl ~ x1, data = xy)

Residuals:

Min 1Q Median 3Q Max
-4.7562 -3.8671 -0.4024 3.1005 6.1505
Coefficients:

Estimate Std. Error t value Pr(> tg)

(Intercept) 13.6500 2.3851 5.723 0.000286 ***
x1 3.0724 0.8063 3.810 0.004150 **
Signif. codes: 0 '***' 9,001 '**' 0.01 '*' 0.05 '.' 0.1 ' ' 1

Residual standard error: 4.228 on 9 degrees of freedom
Multiple R-squared: 0.6173, Adjusted R-squared: 0.5748
F-statistic: 14.52 on 1 and 9 DF, p-value: 0.00415

Call:
Im(formula = y3 ~ x1)
Residuals:

Min 1Q Median 3Q Max
-8.653 -5.792 -1.371 7.074 11.458
Coefficients:

Estimate Std. Error t value Pr(>|t])

(Intercept) 14.433 4.329 3.334 0.00874 **
x1 3.433 1.463 2.346 0.04361 *
Signif. codes: 0 '***' Q9,001 '**' 0.01 '*' 0.05 '.' 0.1 ' ' 1

Residual standard error: 7.674 on 9 degrees of freedom
Multiple R-squared: 0.3794, Adjusted R-squared: 0.3105
F-statistic: 5.503 on 1 and 9 DF, p-value: 0.04361
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cursos:planeco:roteiro:08-Im_rcmdr
Tabela de contelidos

R

it ® Modelos Lineares Simples |
Simulando Dados

Modelos Lineares Simples
Criando o modelo no Remdr

Resultados do Modelo |
It should do a great job! h veah? Wall... e .
r = -0.9467 so there’s a strong negative EWF:': .,gr:nw e Mltiplos Experimentos
"!‘“L ;”;;:""“;5 P lingar model s the Incertezas
rF =y, 50 04, of the to appropirate one to use?
variation in y (number of hiccups) Is Huh? Huh? Resultado do Modelo |

Modelos Lineares Simples |

being predicted by x (seconds to start Exercicios

(&

Os modelos lineares sao uma generalizacdo dos testes de hipotese classicos mais simples. Uma regresséo
linear, por exemplo, s6 pode ser aplicada para dados em que as variaveis sao continuas. Enguanto uma analise
de variancia é utilizada quando a variavel preditora é categorica. Os modelos lineares néao tem essa limitacao,
podemos usar variaveis continuas ou categdricas indistintamente.

No nosso quadro de testes classicos frequentistas, definimos os testes, baseados na natureza das variaveis
respostas e preditoras.

cursos/planecolroteiro/08-Im_remadr.txt -
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